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Abstract: The reliability analysis of traction inverters is of great interest due to the use of new
semi-conductor devices and inverter topologies in electric vehicles (EVs). Switching devices in the
inverter are the most vulnerable component due to the electrical, thermal and mechanical stresses
based on various driving conditions. Accurate stress analysis of power module is imperative for
development of compact high-performance inverter designs with enhanced reliability. Therefore,
this paper presents an inverter reliability estimation approach using an enhanced power loss model
developed considering dynamic and transient influence of power semi-conductors. The temperature
variation tracking has been improved by incorporating power module component parameters in an
LPTN model of the inverter. A 100 kW EV grade traction inverter is used to validate the developed
mathematical models towards estimating the inverter performance and subsequently, predicting the
remaining useful lifetime of the inverter against two commonly used drive cycles.
Keywords: Arrhenius model; losses; mission profile; inverter; powertrain; Rainflow algorithm;
reliability; thermal network; electric vehicle

1. Introduction
1.1. Background Literature of Inverter Reliability Estimation
Research shows that the power converter is the most vulnerable component in the electric vehicle
(EV) powertrain since failure or maintenance of the converter is challenging due to inaccessibility [1].
Thus, research in the areas of inverter reliability estimation and condition monitoring towards design
improvement, material optimization and control methods are vital for developing a high performance
traction inverter. Towards inverter reliability estimation, developing an accurate model for analyzing
temperature variation over a mission profile that affect the power module parameters is of prime
importance [2–5]. Temperature variation due to random load profile causes thermal coefficient
mismatch that leads to power module material degradation and subsequently towards critical failures
like bond-wire lift off and solder fatigue in the power module. However, it is to be noted that the
temperature variation within various components of the inverter depends on the load variation based
on the mission profile.
In the literature, extensive research has been conducted to analyze and improve inverter reliability
through improved control methodology, design parameter identification, and online and offline
temperature tracking methods by considering specific mission profiles [5–7]. In order to perform
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reliability analysis on the inverter, accurate inverter loss model is important for device characterization,
performance analysis and temperature estimation. The accuracy of the inverter loss model depends on
the parasitic components in the circuit [8], which are difficult to determine experimentally. Hence, it is
necessary to develop an accurate analytical model considering the effects of the parasitic components.
The most fundamental inverter losses are the conduction and switching losses due to the current
flow and switching speed during operation. In [9–11], inverter fundamental loss models have been
developed with the device voltage and current characteristics. The energy dissipation map depending
on the switching delay is used to determine switching loss of the inverter power switches. For further
improvement, considering transient loss model improves the accuracy of inverter reliability estimation.
In literature, the transient model has been developed to include turn -on voltage and resistance
variation, parasitics components such as terminal capacitances and stray inductances [11]. However,
all these influences have not been considered in the loss model towards reliability estimation. Hence,
this paper aims at studying the influence of mission profile on reliability estimation considering the
transient loss model. Mostly, transient model has been analyzed based on traditional double pulse
test (DPT). The transient analysis is developed based on the behavior of parasitic capacitance on the
terminals considering physical insights of the device, which increases the complexity of the analytical
model. In [11], the parasitic influence considering terminal capacitances and stray induces have been
developed based on the datasheet information and DPT test. However, it was challenging to consider
temperature changes in the model with the conventional method. Therefore, this paper develops a
transient model considering temperature in an iterative loop.
The inverter lifetime considering an EV powertrain has been estimated using power cycling
test with a constant load or data driven load profile-based methods for maximum thermal stress
analysis [12]. A constant heat generation model is developed to identify hotspot in the power module
and bonding strength of the inverter [12–16]. Consequently, variable thermal cycling model is being
to identify material degradation based on the average and maximum temperature swing. Finally,
the reliability of the inverter estimated is directly related to the change in temperature due to the load
variation in the mission profile. In a grid or EV powertrain, it is necessary to consider the data profile
for actual lifespan analysis. Previous research on inverter lifetime analysis [17–20], considers the
mission profile from the collected load curve based on consumers use. The conventional reliability
analysis has been done with standard drive cycle which hardly match with practical scenario.
1.2. Contribution of This Paper
Considering the drawbacks of reliability estimation model in existing literature, this paper
develops: (a) an advanced power loss model considering the dynamic and transient effect on the
inverter 3-phase output voltage and current, (b) an extensive thermal network model based on inverter
material properties to track temperature accurately during load variation and (c) detailed thermal cycle
counting method for calculation of lifetime degradation incorporating bonding structure and solder
layer dimension. Figure 1 shows the flowchart of the proposed inverter reliability estimation approach.
In this paper, an improved inverter lifetime estimation model is developed incorporating an advanced
power loss model with dynamic and transient effect such as device saturation, device parasitics on the
3-phase voltage and current for accurate thermal analysis. Cauer network based inverter thermal model
is implemented to track temperature changes due to variation of power losses for any mission profile.
Thermal network model considering device material information shows the temperature difference
at each layer of the power module and accurate mean temperature due to consideration of transient
effect in the power loss model. Also, the power loss model and thermal model are dependent on each
other, which is updated in an iterative process. This improved power loss model is used to analyze the
impact of mission profile for inverter reliability estimation. Finally, a Rainflow algorithm-based cycle
counting algorithm is used to estimate remaining lifetime of the inverter. The main objective of this
research is to develop an accurate reliability analysis and remaining useful lifetime estimation model
of a traction inverter.

Vehicles 2020, 2

415

Figure 1. Flowchart of the proposed lifetime estimation procedure.

2. Electro—Thermal Model of 3-Phase VSI for Traction Application
The flowchart of the proposed lifetime estimation procedure is shown in Figure 1. First, the inverter
power loss for every load condition is calculated. Following, the calculated power loss is used to observe
corresponding temperature changes using the developed thermal network model. The extracted
temperature is used as a feedback to the analytical loss model to improve accuracy. This paper considers
a detailed inverter loss model considering saturation and non-linearity with parasitic components and
an improved thermal network model for dynamic load conditions.
2.1. Improved Power Loss Model Considering Dynamic and Transient Effects
The inverter loss model is generalized for any power switching device. Also, it facilitates
fast computation and considers variation of inverter parameters with the temperature changes.
The developed model under dynamic operating conditions includes voltage saturation with changing
load current, which elaborates conduction and switching losses [7]. Offline data from the device
manufacturer has been used for initial condition. In this paper, the conduction loss of the Si-IGBT and
Si-diode are modeled separately.
The overall conduction loss combines the losses from six switches. The conduction loss model
depends on the current flowing through the device in the operation. Also, the collector—emitter
terminal voltage shown in Figure 2a is considered. Both the diode and IGBT voltage and current
characteristics have been fused together to simplify the calculation and limit the computational time.
The graph also indicates the temperature dependency of the terminal voltage.
With the increase in temperature, the graph shifts in the upward direction. The voltage graph has
been stored for room temperature and device maximum temperature. Additionally, linear interpolation
method is applied to estimate voltage characteristics at any other temperature. Similarly, the conductive
resistance is being calculated using the V–I characteristics with the varying temperature.
The energy dissipation during turn—on and off have been acquired with double-pulse test (DPT)
method in Figure 3a. Related parameters of the diode and IGBT that have been used in loss and junction
temperature calculations have been considered from the device datasheet in Table 1. A half bridge
power module has been selected to conduct the DPT. The tests have been conducted at 400 V DC and
settled temperatures of 25 ◦ C and 125 ◦ C. The related parameters such as threshold voltage and gate
resistance have been stored at the two selected operating temperatures. The parameters in between the
selected temperature range are determined by linear interpolation method. The external resistance
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has been considered based on the high switching operation, which is used to identify minimum
switching loss. The initial parameters at the selected temperature have been obtained from the device
datasheet and matched with the developed analytical model. Also, the parasitic elements are provided
in Table 2. The change in parasitic elements are determined with respect temperature. Depending
on the extracted parameters from the DPT, an extended switching loss model has been developed to
determine energy dissipation during turn-on and turn-off of the power switches in dynamic operating
condition. The switching loss model in (2), considers the on time and off time delay due to the internal
and external gate resistance on the input terminal of the power switch. The internal gate resistance is
modeled with respect to load current, applied gate voltage and temperature. In the off stage, diode
loss is also added to the IGBT switch for simplification. Energy dissipation map during turn–on and
off due to high switching operation is represented in Figure 2b. The power losses due to conduction
and switching losses from (1) and (2) are considered for both the IGBT and diode with the non–ideality
based on temperature variation and voltage saturation [9]. Where VCE0 , Ic and RCE are the voltage,
current and conductive resistance of a single IGBT device. Energy dissipation due to device switching
is represented in (2), where ton and toff are the IGBT turn–on and off time and trr is the diode turn–off
time. Vf represents the voltage due to terminal parasitics. The conduction loss is defined from the
device V–I characteristics. In Figure 2c, the switching loss model considers the energy dissipation
during turn–off and on through a look-up-table from the test inverter in Figure 3b. The fundamental
parameters of the test inverter are given in Table 1, which is obtained from the device datasheet.

Figure 2. Circuit diagram and device characteristics for parameter extraction towards inverter power
loss model, (a) V–I characteristics of IGBT and diode, (b) energy dissipation curves for diode and IGBT,
and (c) Circuit diagram considering terminal parasitics.

Figure 3. Inverter hardware and IGBT power module layout considered in this paper. (a) Inverter DPT
circuit diagram, (b) 100kW traction inverter.
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Table 1. Inverter parameters.
Model

Device Parameters

Vce

1200 V

Ic

556 A

Max. Tj

175 ◦ C

IF

438 A

Rce

2.3 mΩ

Vge(th)

5.8 V

ton

276 ns

toff

538 ns

Table 2. Parasitic elements used to model inverter transient response.
Model

Device Parameters

cies

26.4 nF

coes

1.74 nF

cres

1.41 nF

Ls/p

15 nH

For transient analysis, effective parasitic components among power switch terminal collector,
emitter and gate as in Figure 2c have been considered in (3) for accurate voltage measurement
towards improved inverter loss model. To improve the accuracy of the inverter power loss model,
a comprehensive transient response model has been developed [8,9]. The most significant effect in
the transient stage is caused due to collector–gate and gate–emitter capacitance, which is also known
as miller capacitance. The transient response of a switch depends on the capacitor charging and
discharging factor. Therefore, it is important to monitor capacitor behavior in the switching period.
The overall transient loss model is developed in (3)—(6). Threshold voltage is considered during
sudden change in junction temperature. The parasitic capacitances are determined in rising and falling
interval of the switching period. Previously, derived collector–emitter voltage is included in the model.
Collector–emitter resistance, loop and leakage inductances in Table 2, are taken from the datasheet for
room temperature, which is being updated in an iterative loop based on temperature.
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î (t) + 3π î (t)2
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(5)

(6)

Rg and gfs represent gate resistance and trans-conductance of the semi-conductor. Gate resistance is
stored as a look–up table. In (5) and (6), ig , ice , vge and vce represent the gate and collector to emitter current
and voltage, respectively. Ls and Lg represent the leakage and gate inductances. CgC and Cce represent
the parasitic capacitances between the terminal gate–collector and collector–emitter respectively.
2.2. Derivation of Electro—Thermal Model Parameters Considering Inverter Material Information
The reliability of the inverter is dependent on the thermal performance and heat distribution
in the device module. The main reason for inverter failure is because of material degradation due
to thermal co-efficient mismatch while the temperature changes. The thermal network model has
been developed to analyze the thermal stress during load flow in the powertrain (Figure 4). The main
objective of the thermal network model is to determine the average temperature and the temperature
swing during operation. Further, the possibility of device failure such as solder fatigue and bond-wire
lift off are dependent on average temperature and instant temperature variation. Thus, based on the
packaging as in Figure 5, the thermal network model is developed for both IGBT and diode.

Figure 4. Temperature properties of IGBT model. (a) heat flow direction from the chip to heatsink,
and (b) thermal impedance of inverter module components.
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Figure 5. Inverter RC thermal network model.

The most common thermal network model is based on Cauer type or Foster network type model.
The Foster type model is based on the equivalent circuit model measured from a fitting function.
The fitting function is developed from the transient thermal impedance analysis and updated with the
linear estimation method. On the other hand, the Cauer type model is based on the material properties
and the structure of the power module. The model parameter changes along with the change in
material properties, which indicates the fault in the power module effectively. Therefore, this paper
focuses on developing the Cauer type inverter thermal network to monitor the temperature changes
at each layer of the power module. In this section, the nonuniform heat flow in the power module
has been discussed. In the packaging power module heat flows from the top surface IGBT chip to the
bottom surface heatsink. The center of the power module carries most of the temperature as the heat
flows vertically. In the power module, chip is the most sensitive to heat condition. Also, the aging
temperature Tj,side is mentioned in (7). The ∆Tj is to monitor the aging process and Tj,chip is the chip
temperature at the center of the chip. d is the minimum distance:
∆T j =

T j,chip − T j,side
d

(7)

In Figure 5, series combination of each thermal resistance and capacitance represent each layer
of the device package in Figure 3b. The upper branch represents the heat flow path on the IGBT,
and the lower branch shows the heat flow on the diode side. Also, the thermal co-efficient of the
device material has been selected from the Table 1. The developed thermal network model represents
heat flow at each layer of the device packaging module. The RC parameters are identified from
the provided material information. The capacitor represents the dynamic temperature changes in
dynamic condition. The capacitor represents the temperature rise with the time constant. The thermal
model describes the temperature changes at each layer of the module package depending on the loss
variation for random dynamic loading. The thermal network model has been developed based on the
cross–sectional diagram in Figure 3b. The Zjc defines the sum of the all junction impedances at each
layer of the power module. The total impedance combines the seven layers of the IGBT power module.
The impedances at the first and the second layer from the top shows the self-heating path due to the
die attached [12]. Also, the die in IGBT and diode cause cross heating due to the power loss of its own:
Z jc =

n
X
k =1

Rk
1 + sτk

(8)

The Cauer-based RC thermal network model is expressed in (8). Zjc is the total impedance of
the thermal model. k represents number of bond layers in the packaging device. If the power stops
flowing into the power switches before it reaches the thermal equilibrium, the device will be steady
at the ambient temperature due to the time constant, which depends on the thermal resistance and
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capacitance value. The time constant is calculated as in [13]. The temperature cooling curve can be
represented as an exponential curve in (9):
Tca (t) =

n
X

αi e

(− τt )

(9)

i

i=1

The time constant is dependent on the RC parameters in (8). In (9), the time constant is converted
into Laplace transfer function. Also, the model is developed for seven layers (n = 7) of the power
module as in Figure 5:
n
X
αi
(10)
Tca (s) =
s + 1/τi
i=1

The inverter thermal analysis is mostly described in 1-D model [12–15]. However, to improve
accuracy in this paper third—order analytical model is used to track heat conduction in the power
module from the chip to the heatsink. The final Cauer network model in Figure 3b, can be expressed
with the Kirchhoff’s voltage law the third—order thermal model can be solved as in (11):
Tca (t) = α1 e− /τ1 + α2 e− /τ2 + α3 e− /τ3
t

t

t

(11)

3. Reliability Performance of VSI under Different Mission Profile
After developing the electro-thermal model of the inverter, a comprehensive stress evaluation
can be analyzed with specific load profile based on the inverter design specification for a time
duration. This approach is called mission profile. To understand the influence of different mission
profiles on reliability estimation, first, a temperature variation profile is estimated using the developed
electro-thermal model. Further, using the Rainflow algorithm with extended cycle counting model,
the number of temperature cycles is extracted.
3.1. Rainflow Algorithm-Based Inverter Reliability Estimation
For a selected mission profile, the temperature variation of the device module estimated using the
developed electro-thermal model is used as an input to the cycle counting algorithm. Subsequently,
the offline algorithm is used to find the number of half cycles and full cycles along with their maxima
and minima in the temperature profile. Figure 6 shows a sample cycle counting method for a short
loading profile. A single 20 s profile has been repeated three times and it increases the temperature
by 0.4 ◦ C, which leads towards faulty condition. Figure 6a shows the dynamic performance of the
thermal network model. Further, Figure 6b shows the number of half cycle and full cycle count
for a single mission profile using the Rainflow algorithm, where a complete temperature swing is
considered as a full cycle and each temperature rise or fall is considered as a half cycle [17]. A rising
cycle is defined as cycle up and similarly falling half cycle is denoted as cycle down in Figure 6b.
A comprehensive Arrhenius model in (12) is used to consider wire bond diameter and solder layer
thickness to improve accuracy in reliability analysis. The material geometrical information such as the
bonding wire thickness, layer area, height and solder joint material are taken from the manufacturer
application note. In (12), Nf defines the number of cycles counted based on the mean temperature and
maximum temperature swing in the selected mission profile. NDamage defines the accumulated damage
due to the load variation in the mission profile and Ni and Nfi are the number of cycles for a specific
temperature and the number of temperature cycles in the selected mission profile respectively. Finally,
the inverter lifetime is calculated using the damage accumulation factor as in (12) where, K, β1 –β6 are
the curve fitting co-efficient for cycle counting model. The fitting co-efficient are identified with linear
curve fitting method. V, I and D represent the conducting voltage, current and the diameter of the
wire bond.
β2
β
N f = K(∆T j )β1 e Tmax ton3 Iβ4 V β5 Dβ6
(12)
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NDamage =

X N
i
Nfi

(13)

Figure 6. Cycle counting with Rainflow algorithm based on sample data, (a) sample temperature
profile, (b) number of cycles counting.

3.2. Impact of Mission Profile on Inverter Remaining Useful Lifetime Estimation
The developed inverter lifetime estimation model has been implemented on an EV grade 100 kW
inverter. The damage accumulation in the inverter due to load variation is estimated by the ratio of
the initial lifecycle of the inverter and lifecycle after operating under a load profile in (13). The initial
inverter state has been determined using device data information provided by the manufacturer. With
the provided information ideal inverter condition has been determined and deviation due to load
profile has been monitored to identify material degradation. Two most commonly used mission profiles
namely Urban Dynamometer Driving Schedule (UDDS) and Worldwide Harmonized Light Vehicles
Test Cycle (WLTC3) drive cycles as in Figure 7a,b have been selected for this analysis.

Figure 7. Rainflow based cycle counting for selected mission profiles, (a) urban drive cycle, (b) WLTC3
drive cycle, (c) number of cycles for UDDS, and (d) number of cycles for WLTC3.

To reduce the computational time, cycles with major load changes have been considered for
maximum temperature sweep. Also, mean temperature and maximum temperature swing based
cycles have been considered to reflect the worst case loading conditions on the inverter. The cycle
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counting matrix obtained for UDDS and WLTC3 are shown in Figure 7c,d, respectively. First, the UDDS
cycle is slightly longer in duration than the WLTC3 cycle. Also, the urban cycle has multiple small
cycles, which shows the mean temperature variations in a small range of 354 K to 364 K. On the other
hand, WLTC3 drive cycle consists of several low and high load conditions that lead to significant
temperature variations. The mean temperature in WLTC3 in between 200 K to 450 K, shows a wide
range of load variation, which implies additional stress on the inverter. Similarly, the UDDS has
minimum temperature swing observed due to repetitive small cycles and the WLTC3 has maximum
temperature swing. Finally, based on the mean temperature and temperature swing, the number of full
cycles has been calculated. The number of cycles in UDDS is higher than WLTC3. However, the stress
on the inverter is higher in the WLTC3 due to increased mean temperature and maximum temperature
swing, which reduces the inverter lifetime by 1.03 years.
4. Conclusions and Future Work
In this paper, a concise inverter reliability prediction model has been developed with improved
power loss and thermal models. The power loss model showed a significant effect of transient
power loss, which leads to accurate temperature tracking. The thermal network model estimates the
temperature difference at each layer of the power module to identify significant material degradation.
Finally, the reliability estimation model showed the inverter damage over the selected standard driving
range or mission profile. The inverter transient response model incorporating the parasitic elements
improves the loss determination model. Also, it improves temperature tracking for random load
changes in mission profile. Finally, from the analytical model, it can be concluded that the selected
mission profiles have different load variation, which implies different stress level and causes difference
in the estimation model by 1.03 years due to a greater number of load cycles in the WLTC3 mission
profile, subsequently leading to reduced mileage over time. Hence, online reliability estimation model
could be more accurate, which will avoid dependency on the data driven analysis in the conventional
analysis. Also, inverter fault prognosis model will be incorporated in the future to observe increased
temperature during fault period.
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